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Appendix 1
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n is significant at th 5 f -tailed).
** Comelatio B nt at the 0.05 level (2-tailed)

nis significant at the 0.01 level (2-tailed).
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or telephone number for press. The only source of information for jﬂuma1i§ts about
the movement and its actions were the social media channels. The context in which
social media and traditional media use cach other as a so.urcc also varies. Whereag
traditional media use social media most often to support its coverage, social media
would rather use traditional media as a starting point for discussion.

The next step of investigating the application of agenda sctting theory to the
Occupy Wall Street movement could be examining the level two agenda setting
— the attributes within the coverage of both traditional and social media and its
comparison with opinion polls run by the Pew Rescarch Center on a regular basis,
In order to conduct this study, a more representative amount of time is nceded for
the events to occur so the researchers could collect necessary data for the analysis.

The presented study adds to the existing litcrature on the application of agenda
setting theory to social media. The main challenge that the authors foresee con-
sidering the research in this field is the choice of methodology which has not been
standardized. As the impact of social media on agenda sctting theory will grow in
importance such methods must be refined.
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) +ch a discussion of these opportunities is throyg

ppcaicl Smt:” x:ir:;:gﬁ:fc‘:;t}:sij::::dil‘lcalinn of the ir.:[:ll -attention L‘ycllfh o
frﬂm;:"mﬂif]a:)m classical :1gcu.da building lllff'l"'}’- fh'i E‘ﬁ““l}‘}l‘fl*ﬁ"? ill{ti alarmed djs.
covery and cuphoric cnt!uu;:n._wn 51tngc’s .nl l)l.l“r;ll.‘: S I.lm,-. [l:ILl‘!hUI‘I § chlus Hcc'.“
to emerge from the rclatmns.hlp of activity hﬂ-l“*\:l«“ "'“““_ i 'fi“’_"mllil! media
uncovered. This effect IS pnrtlculurlg prnn-;u.mccd in the carly days u! Occupy Wali
Street activity, where a flurry of social media cuntu‘nl prccctlusrlhc flirst traditiong)
e ——— Supportive of Peterson’s reshaped ISSUU-HHU]I!I(H.I cycle, however,
is the way in which a similar pattern does scem to emerge over time regarding, in
Peterson’s terms “key events” that “re-ignite debate™ (PL‘ICIZSHN, 2009). The first of
these key events, a similar, although less prun_mumcd relationship between social
and traditional media occurs on and around September 24 when a social media
video showing a New York City police oflicer pepper spraying several protest-
ers, appeared in the Internet. This event leads to a jlump in social media activ-
ity followed quickly by an uptick in traditional media coverage. Similar micro-
events unfold throughout the process, lending credibility to Peterson's hypothesis
that sub-issucs can drive issuc salience as issuc-attention begins to cycle through
stages three through five of the cycle.

Another indication for the existence of the relationship between social media
and traditional media coverage is the number of references in traditional media
to social media channcls on particular dates. It can be observed that the first signifi-
cant peak in the number of references to social media channels in traditional media
publications took place on October 2 which was one day after the NYPD arrested
700 people during the protest on Brooklyn Bridge. The peak in mentions is most
probably caused by the films made by protesters and posted on YouTube, Face-
book and other social media channels which later on were used by journalists as
a source of information. The dates of next peaks seem to confirm this observation:
on October 10 (the decision of mayor Bloomberg that protesters may stay in Zuc-
cotti Park), October 13 (the communications about gathered donations by Occupy
Wall Strect movement), October 25 (the visit of Egyptian revolutionaries in NYC
to support Occupy Wall Street), October 29 (riots during protests in Oakland). The
biggest peak however can be noticed on October 17 — the exact month from the
first protest which was treated by the media as an occasion to sum up what the
movement 1s about,

On the days when there is an actual event such as the Brooklyn Bridge arrests
or Oakland riots it can be noticed that social media precede traditional media in
coverage and may be used as a source for the publication. The following coverage

of Broolflyn Bridge arrests from NYT (October 2) provides an example of this
observation:

l ““r‘df‘* widely seen on the Internet of a high-ranking officer, later identified as Deputy
nspector Anthony Bologna, attacking what appeared to be docile protesters with pepper spray

prompted public outrage and Investigations by the Internal Affairs Bureau of the Police Depart-
ment and Manhattan prosecutors,
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Jm— pact o sn{nal%
Ay m;‘munccd in the context of social media’s i 49
eycle. Wllthout the capacity to track activity abolltI?FaCl on l}{c issuc-attention
inconclusive about the final two stages in the process 4o Sfilire Issuc. results are
ost-problem stages. The number of data poings miﬁ?s't:lcc}mc In intensity and the
smtislicf" analysis 1di(l not show the corrclati;nw L{,“ ¢ also ‘h‘f reason for which
A nda. The anal.ysns of time lags by hour or i - -Iunuttt.vccn_tr:ulllq:nal and social
sl;owﬂ the statistically significant relationship betw L"-r l;crmd of time might have
Jt should also be acknowledged that although [:f:'f-‘l;)t lc'lW(? a’gcr_ndas.

art of social media activity, it is by no means cum‘ :}] “mlﬁ a(.:lw_lly 1 a significant
regarding “Occupy Wall Street” occurred acrosg thfg%;;lhm _ﬁlgmhcanl content
ing the blogosphere, micro-blog sites (such as Twi‘" ‘ media spectrum 1nclpd.
has YouTube). Facebook was s cr). :?nd video posting sites
(suc ; s selected over the other sites for several
First, its diversc user basc positions it as a social media sourcc: lh'llhbfid 'a S i
social groups thus providing direct access between OWS acti\-i;ls andj::tshvanogs
lics. Second, Facebook also has several data collection benefits over othcrc ;cl:: i
media sites including the fact that posts are maintained for extended periods lzf
time (unlike Twitter, where archives are limited to the most recent month of activ-
ity), the posts are not as limited as regards length (again unlike Twitter, wherein
140 characters is the maximum length of a “tweet”), and where the content is bet-
ter organized and independently managed (unlike YouTube, where content is rela-
tively sporadic and where posts tend to be deleted by administrators).

The sampling is also somewhat problematic in regards to randomness. Given
the relatively high-volume of general social media activity and the relatively broad
iime-frame selected for the study, random sampling of the content in question
would have been counter-effective due to its expansion of the workload without an
attendant expansion of workable data. Because of this, the authors opted to utilize
directed searches, focusing on the precise terms discussed carlier or on specific
Facebook pages. Although this purposive approach to the sample size renders gen-
eralizability problematic, the authors nevertheless stand by the decision as it still
presents an accurate analysis of the direct “Occupy Wall Strcct”‘ references of any
given news day. This dynamic is further reflected by our selection of three major

traditional print media sources. Although considerable content is also available in
myriad smaller publications, The New York Times, The Washington Post, anq The
hat they all have well-developed national

Los Angeles Times are significant in t de | nat
news sgztions,’:;;y all gcicratc primary content (thus minimizing the hkcg}:ﬁOd
of repeated stories through a ncws agency such as the A.P. or Rcu.tcrs)i, anc . ﬂ{:y
all have national reach. Thesc three components align them more directly with the
nature of content in the social media spherc. i i i

Despite these limitations, this study represents an addl'tlona:::i t:’; ;:-1::::%]:“
fature investigating social media’s role in the a!gcnda s"m'?fl O i
Processes. Although statistical evidence supporting our 1 for possible future
%as mixed, the emergent data did reveal several key areas _

Ja
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A closer look at the variant means i§ prcscplcd in T;iblc 2 which shows
how the number of references to cither soc:avl media Iur.tradnimml media changes
with the particular media type. The results of the statistical analysis show that 1r,.
ditional media used traditional media (M = .3649) as a source of reference more
often than social media which used it rarcly (M =.0745). Conversely, social media
was more frequently cited by other social media channels (M = .7511) whereas
traditional media cited it much less often (M = .2960).

Table 2. Group statistics

MEDTYPE N Mean | Std. Deviation| St Error
Mean
1.00 348 3649 48211 02584
TRADMED
2.00 671 0745 26280 01015
1.00 348 2960 45714 02451
SOCMED
2.00 671 7511 43269 01670

Source: authors.

A closer look at the variant means is presented above which shows how the
number of references to either social media or traditional media changes with
the particular media type. The results of the statistical analysis show that tradi-
tional media used traditional media (M = .3649) as a sourcc of reference more
often than social media which used it rarely (M= .0745). Conversely, social media
was more frequently cited by other social media channels (M = .7511) whercas
traditional media cited it much less often (M = .2960). This analysis leads to two
important findings. The first mean indicates that traditional media would rather
use social media as a source than vice versa. The second illustrates that in both
cases there is a tendency for media channels to keep users “within the fold,” with
social media linking out to other social media sites and traditional media trending
towards discussion of other traditional media sources. That said, this tendency is
significantly more pronounced in the social media sphere, where the variation bc‘:-
tween the means is substantially larger than that of traditional media. This analysis
shows that although there is no statistical proof for social media to sct the agenda
for traditional media, social media do influence the coverage of traditional media.

Discussion

co z_’(\is i Stu-dy there are some limitations to this research. It must be
thi[_:,m crcd lhat_lhe time frame for data collection was limited due to the (af 0
M unfolding Occupy Wall Street events. This issuc is paﬂlc“
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cvent — the same pattern seems to be applicabje
i statistical 11|lfl|}’515 that f'lWﬁ not show the sign
closes tendencies at certain times. This leads
which posed the problem of the impact of
(seC Discussion),

The self-influence of agendas was partially ¢
ences. It stands to reason that if eithe

_ﬁ‘ur social media, Although there
ificant correlation, Figure 1 dis-
10 addressing research uestion 3
social media on issuc-attention cycle

onfirmed by the analysis of refer-

r media is operatiy
S0 t | ! 12 on the heels of reports
from the other, 1t w il need 1o take into account these alternative reports Tl[:;)rc

fore, rcsczlI“L‘II;IU‘L“S“_(“I 2 was rcihrmulntcd.us a hypothesis, based on pre-existing
data on agenda I:aulmg.‘ ll.n:. null hypsnht,"sm (HO) thus formulated proposed that
both social media :.md t:;u.htmnnl I‘ncdm cite themselves and each other in roughly
equivalent proportions. Since the independent variable (media type) had only two
dependent scores (references to social media and references to traditional média),
a t-test for dependent samples was applied to the data. In Table 1, the dependent
t-test values are presented for the traditional media references and social media
references in traditional and social media were 12.45 and -15.62 with actual prob-
abilities of occurrence at 0.00 in both cases. Given a rejection region at p > .05,
the null hypothesis of no variations in references between traditional and social

media was not accepted.

Table 1. Independent samples test

Levene’s Test
t-test for Equality of Means

for Equality
of Variancces
Sid. | 95% Confidence
Sig. | Mean | o1 Interval of the Dif-
F |Sig. ! Df |(2-ta- Differ- | . . ference
iledy[ ence [ ance [Lower Upper
Equal
variances | 627.146|.000| 12.445| 1017 |.000| 29043 02334] 24463 33622

TRAD. assumed

MED Equal '
T 10461 |456.578| 000 | .29043].02776| 23587\ 34499
not as-

—___ Sumed
Equal (017 | .000|-45514|02914| 51233 39795

variances| 9.798|.002]-15.617
' soc. assumed

MEDp Equal ) _ 39691
- 2066/-.51337| -
variances _15.347|669.511 000 |-.45514/.029
not as-

—__ Sumed

Source: authors.
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agenda building for the traditional media. Scheufele proposed that as the iy,
stage in the issue-salience cyclc,_agcnd;_l building 1s f'rcq-ucnlE)f 11_1(: result of medjy
coverage of a natural event or of th:.: voice of a C(.““m““’_‘)’ '{melon_lcadcr (2000),
In this, analysis of the collected cvidence nggcsts thnt social media can SCrve g
the site for initial agenda building. Below, l*_lgurc 4 illustrates the leap of activiy
within the social media sphere during days five (9/19) through nine (9/23), before
traditional media coverage follows on day ten (9/24).

Frequency of Media Postin a given time frame
bl oot hotndbhic? st batislaib bl . ki —

|
40 . {

50 e

18 = Media Type 1

— Tradibonal Med.a

~— Media Type 2
35 e ' ) — Social Media

(2]
(=]
|

Frequency
[
(5]

L]
(=1

0. —r——— |
1 3 5 7 9 1113 15 17 19 21 23 25 27 29 31 33 35 37 39 41 43 45 47

Days

Fig. 4. The social media and traditional media coverage between 9/15 and 10/31

Source: authors.

This suggests that social media content did serve to “nild the story that was
later picked up by the traditional media.

Rescarch question 2 asked if social media could generate issue salience for the
traditional media. In order to verify potential correlations between the two media,
artificial time manipulations were conducted on the data, with an attempt of dis-
covering correlative relationships between the two (sce Appendix 1). The statisti-
cal analysis indicated that there was no discernible pattern in the data. Therefore
there is no statistical proof (p > .05) to support the notion that social media served
to c?rivc media coverage over time or that traditional media set the agenda for
social media. What is more, the analysis shows that social agenda is highly corre-
lated with other agendas cven with time lags as long as seven days. Similarly, the
tradmonz_ﬂ agenda is highly correlated with other traditional media agendas. The
changes in media agendas occur slowly unless there is a significant newsworthy

Generated by CamScanner



The impact of social media on tr

e .
//” el ditional media a0enda Setting theory 145
b, Type of publication — Data wag g;,,

, : ided i .
(ncwspapcrs) and social medig (Fac Into two cate

| gories, traditional
Jedin A cbook), a
c. Name of the medium — The Ney,. York Times. 7 Washi
LﬂFA”SI‘-’!{:_y Times, Oceupy Wall St., and Occupy Tog}_‘ th:,l Vashington Post, The
o ‘rl

. Article or 1305ling type — Determineg
aw facts), “Op-Ed” (cmpl}asizing attitudes or
(cmthlSizmg pc;-snndul stories and emotiong| narratives)

The second section c:.\'plorcd the nature of the posts :md tl ition

Occupy Wall Street phrasing within the picce itself, Va;i‘ I¢ positioning of the

: . ables of interest i
v the Keg M : - rest included:
a. Docs the headline mention Occupy Wall Stree(?”

as “lnlbnnutiunal"

: " e
Opinions), ( mphasizing

and “Human | nterest™

g : — Although self-ex-
Janatory for newspaper articles, headlines on Facebook were ﬁﬂnsjdih s;]clll' c;
red to be

cither the ﬁrgt su:mcm‘rc Of: the posting, or the headline of the posted link,

b. Does the body mention “Occupy Wall Street?” — For Facebook posti
ihe body was considered to be anything following the initial scntcncém orrl)}? stings,
ence of the phrase in the text of a post or link. ' o oy

¢. Isthe r_cfcrcncc supstantivc? — To be “substantive” was understood as |
whether the article or posting focused on the Occupy Wall Street movement or |
events cqnncctcd to 1t, such as the protests themselves or incidents directly con- |
nected with the protests (such as police actions against protestors) or if the article
or posting merely mentioned “Occupy Wall Street™ but focused on another subject.

The third part of the coding guide cxamined the relationship of the two media
within the content itself. Specifically the authors explored whether the article or
posting referred readers to content within the media type or across to the other
media type.

a. Does the object refer to social media? — References to social media were
understood to be a mention of social media sources or a link to social media con-
tent away from the original page.

b. Does the object refer to traditional media? — Traditional media references
were considered to be either the citation of a traditional media source, the mention
of a traditional media -ce, or a link to a traditional media website,

Inall, 1019 indiviaual media objccts were analyzed. Intercoder rcliabilit},: was
determined via the application of Krippendorff’s Alphatoa sample of 102 objects,
resulting in an intercoder reliability estimate of .86 utilizing the program ReCal2

0.1 (see www.dfreelon.org).

Findings
i3 ; .
In the first stage of coverage there was no traditional media for the initi

i i /ithin this time period
¢ight data points. Therefore, the only coverage of the issue within this time p
%as that of the social media. Intriguingly however,

despite the dearth of traditional
Media coverage, this time period does show a

significant jump in social mcdu;-
i i snitiate the process o
‘ontent, Research question 1 asked if social media could 1nit1 p
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“QOccupy Wall St.” boasts the largest number nt‘likcsl (34530:”.»%), the most ac.tivity
 arwest number of users (44,894). Emphasizing the events in the
(256,800), n.l,]d the l:tr}:lu;c cupy Wall SL” interacts with national OWS movements
Iew York arca, J ks ’
E?t“l‘::{:::ci 1:13:1 lt?ll original protest site. "Ehc sc:cm‘fd page, dot;cul’? Together”
serves as a coordinator of various “QC*IIIP)’ ’IIUYLHR,ntS e | = fiﬂuntry, scck-
ing to activate and integrate the various nccufmnons 1.111(10 0;1;: c(:}{; ;:fn C.IT?({I\'CTCI’II.
Begun on Scptember 23, 2011, the site has 199,274 likes, 57, activities,” and
Ig.ni:):l;:::umptc period, the authors focused on the period between Scp_tcmbcr
15. 2011 and October 31, 2011 for several key reasons. The first data point was
chosen as it precedes the first major event of t.hc ow S movement, on Scptember
17. This creates a contrast period where no major actu-.ruy was occurring outside of
online planning and preparation as well as encompassing the time carlier described
as the “media blackout™ (between the 17th and 25th of September). Although
Occupy Wall St. had content dating back to August-& the activity was Insignifi-
cant and engagement with publics beyond those actively planning to protest was
minimal. October 31, 2011 was the last full date for data as collection began on
November 1. These dates created a data collection space encompassing 47 days.

Data Collection

Utilizing the search engine LexisNexis, the authors conducted a comprehen-
sive investigation of all content of the three traditional media sources. The search
was targeted at the particular phrase “Occupy Wall Street” as not only docs this
phrase explicitly refer to the protest movement itself but it also excludes overlap-
ping terms such as *Wall Street™ or “occupy.” This search yielded 348 individual
articles on LexisNexis that were selected for closer analysis (n = 348, mean =
7.4 articles per day).

Data sclection on Facebook was determined by the aforementioned dates,
although it should be observed that the authors only took into account posts
authored by the administrators of the respective pages. This is to say that external
activities and user postings (“wall comments™) were not taken into consideration as
part of the data set. The final data set included 671 individual “posts” from the two
Faccbook pages (n = 671, mcan = 1428 posts per day).

Drawing from the pre-existing trends in the fi
the authors opted to utilize content
as the optimum mcthm.lulngica! appr

cld of agenda setting analysis,
analysis of the articles and posts in question
oped to i faiie L oach to the subject. A coding guide was dc\:cl-

© examme factors key 1o the research questions proposed. The first section

cxan;t'nog 1:1c nf:nurglnf the content itself including the following catcgones:
- 1ate of publication — Dating was b i keted
by the selected tume-frame. RN Lo
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